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Abstract/Introduction Financial Skewness and Credit Market Fundamentals

e The cross-section skewness of the distribution of stock market returns of Fitted Values from Banks’ Return on Assets and Change in Lending Standards for Small Firms
financial firms, i.e., financial skewness 1o Percent , , , , , , ,
e Closely tracks business cycle fluctuations in the 1926-2015 period, L h A |
* Predicts economic activity better than well-known bond spreads and other b A "”M'-U‘A *., % K\
cross-section moments in in-sample and out-of-sample regressions, K ’ WA A w " AW,
e Signals credit market fundamentals, such as financial firms” asset quality. 5 - | { * }'w -
* | identify financial skewness and dispersion shocks using vector autoregressions ol A .
and a dynamic stochastic general equilibrium model. el b )
* Both models estimate that skewness shocks are relevant drivers of business — ’
cycles and have sizable economic effects through a financial channel. 2 v i
. . . | | , | , , | .
 Dispersion shocks become unimportant. dv;g ﬁ&_@q, g&&@a aw“"ﬁ gﬁp N e N S N pee dl-""‘:"ﬂ N S°

The figure shows the 4-quarter moving average of financial skewness in blue. Denote as ROA the return on average assets for banks
and LSSF the changes in banks’ lending standards to small firms. The figure plots in black the fitted values of a regression using only

Distribution of Stock m a rket the contemporaneous values of ROA and LSSF on the 4-quarter average of financial skewness.
Iog-returns of financial firms * Financial firms diversifies away uninformative cross-section risks (see paper).
. . . . e .
.. CDF value (percent) _ GPDEvalie . 1-CDF value (percent) | * Financial skewness signals financial firm’s asset quality (graph above).
—2006:Q2) | N  2006:02] | 92006:Q2 e Financial skewness anticipates credit market conditions (see paper).
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oo =0 | | Molimam =0 . ldentifying Financial Skewness Shocks
4f i | use two frameworks: a Dynamic Stochastic General Equilibrium (DSGE) model and
20F . . . . .
3 | Bayesian Vector Autoregressions (BVARs). The DSGE model rationalizes the idea
10} i i that the relationship between financial firms and their borrowers achieve some
T 1 . .« o . . . . . . .
Al | o I | o o~ diversification of cross-section risks, while not totally eliminating them. The model
=80 50 -40 =30 =20 =10 0% -80 -60 -40 =20 0 20 40 60 80 0 10 20 30 40 50 60 : : :
Log returns (percent) f og reburns (peroent) Log returns (percent) has new Keynesian features and a financial accelerator channel, and allows cross-
Dispersion is calculated by {:riIIII —-rg’}.. while skewness is calculated by [{réﬁ -_ -r";’[]} — {T";’[I — T;’}] where r{ is the p'! percentile section rISkS to be SUbJECt to dISperSIOn4 and Skewness ShOCkS'
of the distribution of log returns at time {. Lleft figure shows the cumulative distribution tunction (CDF). Center figure
shows the probability density function (PDF). Right figure shows the complementary cumulative function (1-CDF). Figure 9: Impulse Response Functions from BVARs and DSGE model
(a) Skewness Shocks (b) Dispersion Shocks
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Figure shows the 4-quarter moving average of financial skewness in blue and the 4-quarter GDP growth in red. Gray S BuAR Orcen 15 18084 quaries N AR O 10: 16/t uertes
. . . ; [ BvaR Orcer-10: 16/84th quantiles ) R 3
areas represent periods classified as recessions by the NBER. B BVAR Orcer1: 16/84t quantles B £vAR Ofdar-1: 1684t quantiios
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Partial correlations (logit) are higher than the ones associated with most other variables.

Financial Skewness vs Dispersion Shocks

Both DSGE model and BVARs show that financial skewness shocks

* Are relevant drivers of the business cycle (variance decomposition (see paper)).
 Have sizable economic effects (IRFs in Figure (a)) through a financial channel:

(a) Full Sample (b) Recessions® (¢) Expansions® larger IRFs of Baa-10y spread ® larger IRFs of GDP, consumption and investment
Term Spread —§8p—T—T i = | = Both DSGE model and BVARs show that dispersion shocks:

 Are unimportant drivers of cycles (see paper)

 Have small economic effects (IRFs in Figure (b)) .

Out-of-Sample Forecasts of Average h-Quarter Ahead GDP Growth, R-RMSFEs

T

h=2
—— h=41
h=1t
O pval<(.1
O pval<(.1|]
O pval<(.l

Baa-10v Spread }

L7 Sp read't

. : .2
Financial Uncertainty }

Paper contributions:

Baa-Aaa Spread }

Financial indicators with predictive ability on the business cycle
 The focus has been in bond markets>. | propose focusing on stock markets.
Cross-section/idiosyncratic risk shocks are important business cycle drivers
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R-BMSFE in decimals R-BMSFE in decimals R-BMSFE in decimals To the best of my knowledge, financial skewness is the first measure of cross-
Figure reports the ratio between the root mean squared forecast error (RMSFE) of simple regressions using financial section risk performing well in predicting economic fluctuations.

skewness relative to the RMSFE of regressions using competing variables. | denote this ratio as relative root mean squared
forecast error (R-RMSFE) of competing variable and report it in decimals. Values below 1 indicate that financial skewness
performs better than the competing variable. Statistical significance is relative to the null hypothesis that the competing Refe rences
variable and financial skewness have equal predictive power. Circles represent significance levels of at least 10 percent.
aRecession R-RMSFEs are computed using forecast errors coming from forecasts estimated during a quarter classified by the
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